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Continuous Bag-of-Words approach

e Continuous bag of words (CBOW): Predict the "center" word from the words in its context

In the continuous bag-of-words approach, we are trying to predict the center word based on the
surrounding words. Instead of creating pairs of input and output tokens, we will create a multi-hot vector
of all surrounding terms as an input vector.
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How does the network learn the vector representations?

For the sentence

sentence = "Claude Monet painted the Grand Canal of Venice in 1806.'

the 5-grams look like
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Based on the training sets, we can create multi-hot vectors as inputs and map them to the target word
as output. The multi-hot vector is the sum of the one-hot vectors of the surrounding words' training
pairs. During the training, the output is derived from the softmax of the output node with the highest

probability.



How does the network in CBOW look like?
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CBOW Model
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